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Introduction 

Higher education is rapidly adopting generative AI, but norms surrounding appropriate use remain 

fragmented and highly context-dependent. Instructors and students alike recognize the value of AI tools for 

both enhancing education and boosting productivity. Further, the industry expects the workforce to have 

AI competency. However, there is tension over the appropriate use of AI in higher education.   These 

challenges are further complicated by the fact that higher education is not a monolith. AI-driven changes 

are occurring in widely differing courses and programs of study, with varying required skills and 

expectations. As a result, practices that may be considered appropriate AI use in one discipline or learning 

context may be viewed as problematic in another. 

Some prior works have begun to look at the promise of AI in specific domains, such as writing support (Jin 

et al. 2025) and programming (Liang et al. 2024). What is appropriate behavior in one course or program 

of study may not be appropriate in others. For example, using AI for writing assistance may be allowable 

in a marketing class writing a report; however, it may be inappropriate to use it on an assignment for a 

business writing class. Expectations and acceptable uses of AI may also vary substantially across disciplines 

based on differing pedagogical goals, professional norms, accreditation requirements, ethical concerns, and 

This study explores how instructors across disciplines perceive and navigate the growing presence of 
generative AI in higher education classrooms. Through semi-structured interviews with instructors 
representing diverse academic disciplines, this study employed thematic analysis to examine how faculty 
members are integrating AI into teaching and learning, the challenges they encounter, and the evolving 
expectations surrounding appropriate student AI use. Although the study is limited by its sample size 
(N=9), findings suggest that instructors view AI as both a significant opportunity and a substantial 
pedagogical challenge. Participants identified potential benefits, including writing and programming 
support, personalized learning assistance, accessibility enhancements, and improved student engagement, 
while also expressing concerns regarding academic integrity, overreliance on AI, diminished student skill 
development, inaccurate outputs, and difficulties establishing clear classroom expectations. Participants 
emphasized that appropriate use is highly contextual and shaped by disciplinary norms, professional 
expectations, and ethical considerations.
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the potential consequences of errors. Programs in areas such as medicine, engineering, or other safety-

critical fields may place greater emphasis on human oversight, verification, and maintaining a human in the 

loop, resulting in stricter expectations surrounding AI use. At the same time, AI tools may still provide 

value within each of these domains when applied appropriately and responsibly. Additionally, some types 

of tasks and problems may be more suitable for AI assistance than others, particularly those involving 

routine support, ideation, or low-risk activities, as opposed to tasks requiring substantial human judgment, 

domain expertise, or ethical decision-making. These differences also reflect varying conceptions of what 

constitutes learning, mastery, and appropriate professional preparation within different academic 

disciplines. As a result, practices that may be considered appropriate AI use in one discipline or learning 

context may be viewed as problematic in another. 

While prior research has explored AI use within specific domains and learning contexts, less attention has 

been given to understanding how faculty across disciplines collectively perceive the opportunities, risks, 

and appropriate uses of generative AI in higher education. Existing work has largely focused on student 

outcomes or individual instructional settings, leaving a gap in understanding how disciplinary context 

shapes faculty expectations and perceptions of ethical AI use. Addressing this gap is important as 

institutions continue to develop policies, pedagogical strategies, and guidance for AI adoption across 

diverse academic programs.  

Hence, we explore the following research questions: 

R1: What commonalities exist among faculty across disciplines regarding the usefulness, opportunities, 

and concerns associated with generative AI in higher education? 

R2: To what extent do faculty from different disciplines diverge in their perceptions of appropriate and 

ethical use of AI in higher education? 

In this work, we aim to understand the current state of AI usage in higher education across disciplines. 

While other works have explored how it's used in specific contexts, this work expands on existing literature 

by identifying commonalities across disciplines. To this end, we conducted a series of semi-structured 

interviews with instructors across several domains. Utilizing thematic analysis, we extract and explore 

commonalities. In the next section, we present prior work on AI in higher education, as well as relevant 

work in learning psychology. The following section presents our methodology for collecting and analyzing 

the data, and then our results and limitations. We conclude with a discussion and areas for future inquiry. 

Literature Review 

In this section, we present relevant prior work on AI use in higher education. We start with a discussion of 

recent research leveraging AI to support student learning and outcomes. Next, we present works that explore 

the interaction between humans and AI in the learning process, followed by a discussion of relevant learning 

psychology literature. We then discuss how students use and perceive AI in workflows. Taken together, 

this provides an overview of relevant strands of research. This leads us to conclude that a gap in the literature 

exists around how AI perceptions converge or diverge across disciplines, which is discussed at the end of 

this section. 
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AI-Assisted Learning and Student Outcomes 

Generative artificial intelligence (AI), particularly large language models (LLMs), is rapidly transforming 

teaching and learning practices across higher education. As these tools become more accessible, they are 

increasingly integrated into student workflows, raising important questions about their impact on learning. 

Further, assessment and instructional mechanisms are undergoing transformation as faculty respond to these 

rapid developments. Early research has identified both opportunities and challenges associated with AI-

assisted learning, particularly in academic writing and knowledge work. 

In recent years, literature has examined the impact of AI-assisted writing on student outcomes. For example, 

Cardon et al. (2023) demonstrate that AI-assisted instruction can improve writing quality, organization, and 

student motivation, particularly in English as a Foreign Language (EFL) contexts. However, they also 

identified concerns about contextual accuracy, overreliance on AI tools, and the long-term impact of AI-

enabled education. Similarly, Kim et al. (2025) found that students perceive AI as serving multiple roles, 

including writing assistant, tutor, and peer collaborator. Overall, the results were promising, with findings 

such as a more productive writing process and improved writing performance. However, they noted both 

AI-related shortcomings (e.g., hallucinations, lack of human understanding) and student-related 

shortcomings (e.g., negative attitudes, lack of higher-order thinking). These studies suggest that AI has the 

potential to enhance both writing performance and student engagement, but there are barriers to effective 

use. 

Human–AI Interaction and Learning Processes 

Other work focuses on the processes through which students interact with AI tools. Nguyen et al. (2024) 

identify distinct interaction patterns, showing that students who engage in iterative, deep interactions with 

AI tend to produce higher-quality work than those who use AI in a linear or superficial manner. Similarly, 

Wang et al. (2024) find that students commonly use AI for brainstorming and idea generation, with varying 

degrees of reflection and self-monitoring. Together, these studies suggest that the effectiveness of AI-

assisted writing depends less on access to the technology and more on how students engage with it during 

the learning process. 

Related work further emphasizes the importance of understanding human–AI collaboration as dynamic and 

layered. Jin et al. (2025) propose that AI use can be categorized into levels, ranging from basic technical 

support to more advanced text transformation, with higher levels of engagement associated with improved 

outcomes such as critical thinking and motivation. Importantly, this work highlights the role of self-

regulated learning strategies in shaping effective AI use. 

Student perspectives further reinforce the complexity of AI-assisted learning. Studies indicate that students 

use AI in a variety of ways, including brainstorming, editing, and seeking feedback, and that their 

motivations evolve over time (Kim et al., 2025; Wang et al., 2024). While some students report improved 

efficiency and reduced anxiety, others express uncertainty about whether their skills are improving or 

whether they are becoming dependent on AI tools. These mixed perspectives highlight the importance of 

understanding AI use as a situated and context-dependent practice rather than a uniform behavior. 

These differing interaction patterns suggest that the educational impact of AI may depend not only on the 

technology itself, but also on the learning processes students employ while using it. To better understand 

these dynamics, it is useful to consider insights from learning psychology. One relevant framework is self-

regulated learning (SRL), which emphasizes learners’ ability to plan, monitor, and evaluate their own 

learning processes (Zimmerman, 2002; Pintrich, 2004). In the context of AI-assisted writing, students who 

engage in iterative prompting, reflection, and evaluation may be demonstrating higher levels of self-

regulation, while those who rely on AI for direct output may exhibit more surface-level strategies. 
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Learning Psychology, Scaffolding and AI-Supported Learning 

Additionally, the concept of instructional scaffolding provides a useful lens for understanding how AI can 

support learning. Scaffolding involves providing structured support to help learners accomplish tasks that 

they could not complete independently (Vygotsky, 1987). This concept is closely related to the Zone of 

Proximal Development (ZPD), which describes tasks learners can complete with guidance but not yet 

independently. Within this framework, AI tools may function as adaptive supports that help students 

progressively develop skills and understanding. This concept has been widely applied in educational 

settings and instructional design (Taber, 2018). 

In digital learning environments, scaffolding has been extended to intelligent tutoring systems and adaptive 

technologies (VanLehn, 2011). AI tools that guide students through questioning, feedback, or step-by-step 

explanations may function as scaffolds, supporting learning while gradually promoting independence. They 

can further be used to help create an iterative process in learning where the student, along with the help of 

AI, makes changes and demonstrates where revisions may be needed and how to make them. This iterative 

process may also reflect aspects of exemplification theory, in which learners develop understanding through 

repeated exposure to examples and modeled revisions (Zillmann, 1999).  Similarly, prior work in learning 

psychology suggests that learners possess limited attentional and cognitive resources (Kahneman, 1973; 

Sweller, 1988; Bjork & Bjork, 2011). In this context, AI tools may help reduce routine cognitive burdens 

associated with drafting, revision, and information retrieval, potentially allowing learners to devote greater 

attention to higher-order thinking and problem-solving. Further, AI-enabled educational environments may 

support more multimodal pedagogical approaches by enabling interaction through multiple formats such as 

quizzes, podcasts, and interactive learning materials (Fleischer & Fleischer, 2024). 

Student AI Workflows and Perspectives 

Beyond individual learning processes, recent work has also highlighted the importance of critical AI 

literacy. Wang et al. (2025) propose a multidimensional model that includes awareness of AI limitations, 

strategic interaction with AI tools, and critical evaluation of outputs. This perspective emphasizes that 

effective AI use requires not only technical skills but also the ability to interpret and critique AI-generated 

content. These findings suggest that students must develop not only the ability to use AI, but also the 

judgment to use it appropriately. Research in applied domains such as software development provides 

additional insight into AI use in knowledge work contexts. Liang et al. (2024) find that developers primarily 

value AI tools for efficiency gains, such as reducing keystrokes and accelerating task completion, while 

also reporting challenges related to controlling outputs and ensuring alignment with task requirements. 

Although this work is not focused on educational settings, it suggests that similar patterns may emerge 

among students, particularly in disciplines such as information systems and programming. Programming 

tasks require higher-order thinking and problem-solving, and students in this context may also be 

susceptible to some of the shortcomings noted when using generative AI for writing, such as overreliance 

on AI tools. 

Research Gap 

Taken together, the existing literature demonstrates that AI-assisted writing offers both significant 

opportunities and meaningful challenges. Prior research has established that AI can enhance writing 

performance and support various stages of the writing process, while also introducing risks related to 

overreliance, reduced cognitive engagement, and variability in student outcomes. However, much of this 

work has focused on student use and outcomes, with less attention to how faculty interpret, structure, and 

respond to AI use within their courses. 
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Further, much of the existing literature has examined AI use within specific instructional or disciplinary 

contexts, leaving a limited understanding of how perceptions of AI may converge or diverge across 

disciplines. Accordingly, there remains a need for research that examines AI integration from an 

instructional and institutional perspective. In particular, there is limited understanding of how faculty across 

disciplines are adapting teaching practices, designing assignments, and guiding students in the use of AI 

tools in real-world educational settings. Addressing this gap is essential for developing effective 

pedagogical strategies and aligning AI use with broader learning objectives in information systems and 

related fields. 

Methodology 

This study employed a qualitative research design using semi-structured interviews to explore how faculty 

are approaching the use of generative AI in teaching, learning, and assessment contexts. This work aims to 

understand both individual practices and broader patterns related to instructional adaptation, student use, 

and institutional response across a variety of disciplines. Participants were recruited through professional 

networks and institutional contacts, and were contacted using an IRB-approved solicitation email. No 

compensation was provided to participants. In total, the dataset includes the perspectives of 9 interviews 

from across the following disciplines: Economics (1), Engineering (1), Information Technology (1), 

Marketing (1), Nursing (4), and Psychology (1).  

The semi-structured interviews were designed to gather insights on 7 key topic areas: Policies and Context; 

Challenges and Goals, Current Approaches, Student Experience, Future Needs, Student Success and 

Inclusion, and Adoption Considerations. These topics were developed to capture a broad picture of how AI 

is being used, along with possibilities for new approaches and known challenges across a variety of 

disciplines and in a range of use cases. Specifically, our aim is to elicit perspectives on AI use policies, 

instructional strategies, student behavior, and future needs. Additional follow-up or probing questions were 

asked as part of the semi-structured interview process. The IRB-approved semi-structured interview 

questions are shown below in Table 1. 

The interviews were conducted in a private setting via video conferencing software. Participants consented 

to the interviews being recorded and transcribed. In one instance, a technical issue resulted in the loss of 

the audio recording for a group interview. The researcher took detailed, contemporaneous notes during the 

session, capturing key points and attributing them to individual participants. While these notes do not 

constitute verbatim transcripts, they were included as supplementary data to support and triangulate themes 

identified in the individual interviews.  

Table 1. Semi-Structured Interview Questions 
Question # Question Topic Question Text 

1 Policies and Context What are your institution’s (and your department’s or your own) 

current policies or guidelines around student use of AI in coursework? 

2 Challenges and Goals What are the biggest challenges you see in helping students use AI 

responsibly in their writing and coursework? 

3 Current Approaches How are faculty and staff currently guiding or teaching students 

about appropriate ways to use AI tools in their assignments? 

4 Student Experience How do students seem to view or approach AI in their academic 

work—do they see it more as a shortcut, a learning tool, or something 

else? 
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5 Future Needs If you could design an ideal approach or resource to help students 

learn how to use AI effectively and ethically, what would it look like? 

6 Student Success and 

Inclusion 

How could tools or resources that support responsible AI use also 

help promote student success, particularly for students with learning 

differences or disabilities? 

7 Adoption Considerations What would make a new tool or program valuable for your institution 

in terms of both maintaining integrity and supporting student learning 

with AI? 

Data were analyzed using a reflexive thematic analysis approach. After an initial review of the interview 

notes and a subset of the transcripts, an initial codebook was developed. We then iteratively refined the 

code book as additional interviews were coded. Particular attention was paid to areas of convergence and 

divergence, especially across disciplines. Emphasis was also placed on tensions and contradictions in inter- 

and intra-participant perspectives. Limitations include reliance on self-reported faculty perspectives, 

variation across institutional contexts, and reliance on a single data source based on notes rather than 

recorded transcripts. This approach is appropriate for capturing a snapshot in time, examining how 

generative AI is being used in higher education, potential areas for growth, and practical and ethical 

limitations. 

Results 

This study aims to understand individual practices and broader patterns of AI use in higher education 

across a variety of disciplines. The analysis of our semi-structured faculty interviews reveals themes in the 

promise and shortcomings of AI in higher education settings, which relates to our first research question: 

R1: What commonalities exist among faculty across disciplines regarding the usefulness, opportunities, 

and concerns associated with generative AI in higher education? 

 These themes are discussed and presented below. 

AI as Both a Shortcut and a Learning Amplifier 

A strong recurring theme that was present in all interviews was the dual nature of AI as an education tool. 

Specifically, whether AI was a learning amplifier or a hindrance hinges on its appropriate use. Participants 

described these dual roles of AI: both a shortcut for assignments and a tool to support learning. On one 

hand, instructors reported widespread student use of AI to generate outputs with minimal engagement, 

particularly under time pressure. This behavior was often characterized as “shortcut” use, including copying 

and lightly modifying AI-generated responses. Respondents linked this behavior to shallower learning and 

lower quality output. 

However, instructors emphasized that AI can support deeper learning when used appropriately. Some 

examples included debugging code, refining ideas, or exploring alternative approaches. Several 

instructors noted that students who engaged in sustained interaction with AI tools produced higher-quality 

work and demonstrated stronger conceptual understanding. This distinction suggests that the impact of AI 

on learning is not inherent to the technology itself, but contingent on patterns of use. 

This dichotomy was illustrated by several examples. In a technical setting, an instructor expressed this 

tension as “Some [students] just want the result, others use it to debug and learn…” It was observed that 



Issues in Information Systems 
Volume 27, Issue 3, pp. 346-357, 2026 

352 

“Everything became kind of the same… less creativity,” and that there was “Better code, but less 

innovation.” In the context of solving business tasks, another instructor observed that “[Students] knowing 

when to use is really hard…” and that given that AI is “Good for getting from A to B,  bad for training”, 

overreliant use can lead to poorer learning outcomes. However, modifying assignments to incorporate AI 

explicitly and document outcomes leads to better results. The same instructor requires students to submit 

chat logs, and reflected that it was helpful to see their thought processes and “… see where students get 

stuck…” 

Shift from Product-Oriented to Process-Oriented Assessment 

Another recurring theme was a shift in assessment. Instructors described updating or creating new 

assignments designed to place greater focus on the process by which an assignment deliverable is produced, 

rather than assessing the final deliverable solely.  This supports teaching responsible, effective AI use, as 

well as documenting that appropriate use. Assignment adaptations included requiring submission of 

prompts or chat logs, incorporating AI process reflections, as well as exercises to compare human and AI-

generated outputs. 

There was variance in how pervasive and developed these adaptations were, but these changes reflect a 

shift in how instructors evaluate how students think and interact with tools, rather than solely what they 

produce. Further, these techniques underscore that new AI-enabled workflows are being incorporated into 

instruction. One instructor noted “We engage students in learning how to apply and utilize generative AI. 

[We] encourage students to utilize it.” 

Absence of Shared Mental Models for Appropriate AI Use 

The lack of clear, shared expectations for AI use was a recurring theme in interviews. As one Instructor 

stated, many times students “do not know where to draw the line”. This problem is especially acute when 

expectations differ across assignments, instructors, and academic units. This inconsistency contributes to 

confusion and may inadvertently encourage inappropriate use. This was identified as a gap in instruction 

and institutional policy. Multiple respondents emphasized the need for explicit guidance regarding when 

AI use is appropriate, how AI may be integrated into student workflows, and clarity on how to evaluate AI-

enhanced student deliverables. Some respondents noted that faculty would also benefit from clearer 

frameworks for appropriate and effective AI use.  

Uneven Impact of AI on Student Learning 

Another strong theme that emerged was the uneven impact of AI on student learning. A number of factors 

were identified as contributing to this unequal benefit. For example, some students had more prior 

knowledge of AI, which allowed them to utilize it more effectively. For example, students with greater 

experience with AI were better able to interact with AI appropriately, leading to better outputs. Those less 

skilled exhibited more naive interactions, accepting AI output uncritically.  Differences in behavior patterns 

also had an impact on student learning. Students prone to procrastination were more likely to use AI as a 

shortcut, whereas students who planned ahead tended to use it more appropriately.   

Further, differences between free and paid tools influenced the depth of student interaction. One instructor 

noted that before switching to a process-oriented assessment, students with paid versions of AI tools were 

performing better on assessments. One instructor stated, “...when students were relying on free versions... 

what I found is that students that didn't have paid accounts wouldn't ask as many follow-up questions or the 

depth of the conversations was generally not as good. Those students with paid versions, because they don't 

have the same token restrictions... there was a difference.” 
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Additionally, AI was viewed as beneficial for non-native English speakers and students with learning 

differences, particularly through translation, simplification, and alternative content formats. One instructor 

observed, “It can make it more of an even playing field... someone who is a non-native speaker having tools 

that help them understand what's being asked.” 

At the same time, participants noted that students who might benefit most from AI support do not always 

use it effectively. Taken together, this implies that AI can have both beneficial and negative impacts on 

equity in learning. Equal access to advanced models and instruction on appropriate use can yield better 

learning outcomes and help support individuals with learning differences and non-native English speakers. 

However, if any students lack access to the same advanced models and instruction as their peers, it can put 

them at a disadvantage. 

Institutional and Instructional Misalignment 

Just as students and instructors are grappling with the implications of general AI, so too are higher education 

institutions. Instructors described a lack of coordinated institutional response to generative AI. Our 

respondents identified numerous institutional challenges, including: inconsistent or absent policies across 

courses and programs; uneven faculty adoption and engagement; limited or ineffective training initiatives; 

and slow institutional response relative to technological change.  A respondent observed, “I think higher ed 

needs to be doing a better job of staking our claim... rather than tech companies pushing it forward, and we 

just keep reacting.” 

One participant described their institution’s approach as “evolutionary,” rather than deliberate or 

coordinated. There was also variation in AI policies across disciplines (e.g., prohibition in some programs 

versus active encouragement in others); however, due to our sample's small size (n=9), it is unclear if these 

represent broader discipline-level variability. Further, respondents identified the need for more systematic 

faculty development. 

Changing Role of the Instructor 

Another important theme that emerged is the evolution of instruction in the age of AI. Multiple instructors 

were self-reflective about how AI changes their role: specifically, in what ways it replicates current teaching 

approaches, ways it can be fused with existing practice for a better outcome, and areas where a human mind 

and connection are more supportive to students. To this end, instructors described increased emphasis on: 

guiding students in effective AI use; designing assignments that promote critical engagement, and 

interpreting student-AI interactions as evidence of learning. 

In some cases, AI tools were used to augment instructional capacity (e.g., AI teaching assistants, automated 

feedback, or diagnostic insights derived from student interactions). For example, one instructor noted that 

they could “…create a trainer GPT… wouldn’t give answers, but guide steps”. This shift reflects a broader 

transition toward instructors acting as designers of learning environments and mediators of technology use. 

Emerging Tradeoffs and Design Tensions 

Instructors also reflected on the future of AI in the classroom, anticipating increasingly sophisticated AI-

powered tools. Their insights highlighted several unresolved tensions associated with AI integration. 

Participants noted that while AI has the potential to improve efficiency and the quality of student work, it 

may also reduce the cognitive effort associated with learning. Similarly, although AI can support creativity 

and idea generation, some instructors expressed concern that widespread use may lead to more standardized 

or homogeneous responses. Faculty also recognized a tension between accessibility and academic integrity, 

observing that tools capable of improving inclusion and supporting diverse learners may simultaneously 
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introduce new opportunities for misuse. Finally, participants described a disconnect between the rapid pace 

of AI innovation and institutions' ability to develop the policies, infrastructure, and faculty support needed 

to effectively integrate these technologies into teaching and learning. 

Respondents also suggested that AI may expose weaknesses in assignment design, noting that poorly 

structured tasks tend to produce equally superficial AI-assisted responses. These tensions suggest that 

effective integration of AI will require not only new tools, but also reconsideration of pedagogical design 

and assessment strategies. 

Differences Among Disciplines 

Although many common themes emerged across the various areas of study, we also sought to understand 

differences in faculty perceptions of AI across disciplines. Specifically, our second research question was: 

R2: To what extent do faculty from different disciplines diverge in their perceptions of appropriate and 

ethical use of AI in higher education? 

It was observed that many of the use cases for generative AI remained consistent across disciplines, as 

demonstrated in the previous sections. Within our sample, however, there was a preliminary indication that 

faculty from disciplines with greater exposure to human harm expressed greater hesitancy toward the use 

of AI in certain contexts. Specifically, among the nursing faculty interviews, participants discussed 

substantial variation in AI policies across disciplines and programs, ranging from a complete prohibition 

on AI use to active encouragement and integration into coursework as appropriate to the task. The faculty 

member from psychology was more explicit in laying out ethical limitations of working with human data, 

providing the example that “…grad students can’t input patient data” into AI. While ethical limitations exist 

across disciplines, the respondents from nursing and psychology were unique from the other participants in 

raising concerns about the ethics of using sensitive human data. However, given the small and uneven 

sample, it is not possible to determine whether this pattern reflects a broader disciplinary difference or is 

simply an artifact of the participants included in this exploratory study. Future research with larger, more 

balanced samples across disciplines is needed to determine whether this represents a meaningful signal or 

statistical noise. 

Limitations 

This study brings together the perspectives of higher education faculty who are integrating AI into teaching 

and learning, the challenges they encounter, and the evolving expectations surrounding appropriate student 

AI use. Although a number of interesting recurring themes emerged, the work has limitations. One 

limitation is the sample size of the semi-structured interviews (n=9). This work was conceived as a small 

exploratory qualitative study, and a number of stable core themes and repeating conceptual patterns 

emerged, leading the researchers to conclude that the dataset provided sufficient depth to address the 

research questions. Nevertheless, the small sample size should be viewed as a significant limitation, and 

the findings should be interpreted as preliminary rather than representative of higher education faculty more 

broadly. As such, the results are intended to generate insights and identify areas for future investigation 

rather than support broad conclusions regarding disciplinary perspectives on AI use. However, it remains 

possible that additional interviews, particularly from disciplines or institutional contexts not represented in 

the current sample, may have revealed additional perspectives or nuances not captured in this study (e.g., 

instructors in arts disciplines). Additionally, because only a single participant represented most disciplines 

and four of the nine participants were drawn from nursing, the cross-disciplinary comparisons are 

structurally imbalanced. Consequently, observed disciplinary differences—such as the greater ethical 

hesitancy expressed by participants from nursing and psychology—should be interpreted cautiously, as they 

may reflect the composition of the sample rather than underlying disciplinary norms. Future research should 
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seek larger and more balanced samples across academic disciplines to better examine potential similarities 

and differences in AI perceptions and practices. 

Additional limitations include reliance on self-reported faculty perceptions rather than direct observation 

of classroom practices or student behavior. Future studies could strengthen these findings by triangulating 

faculty interviews with classroom observations, course materials, institutional AI policies, and student 

perspectives. Further, the self-selecting nature of our recruitment process may overrepresent faculty who 

are more enthusiastic about AI. This self-selection bias may have contributed to the generally positive 

perceptions of AI observed across participants and may limit the transferability of findings related to AI 

usefulness, adoption, and institutional adaptation. Participant experiences were also shaped by differing 

institutional policies, disciplinary expectations, and levels of AI adoption, which may limit transferability 

across contexts. Moreover, the apparent convergence in perspectives across disciplines should be 

interpreted cautiously, as it may be influenced by the exploratory nature of the sample, participants' shared 

institutional context, early-stage adoption of generative AI technologies, and the self-selection of faculty 

already interested in AI, rather than reflecting true consensus across higher education. Furthermore, because 

generative AI technologies and institutional responses continue to evolve rapidly, faculty perceptions and 

instructional practices may shift over time. Longitudinal research examining how faculty attitudes and 

classroom practices evolve as AI technologies mature and institutional guidance becomes more established 

represents an important avenue for future work. 

Discussion & Future Work 

This study explored faculty perceptions of generative AI in higher education to identify common themes 

and areas of divergence across disciplines. A number of consistent themes emerged across interviews 

despite differences in discipline and institutional context, suggesting the answer to R1 is that significant 

commonalities exist regarding usefulness, opportunities, and concerns. Across disciplines, participants 

described AI as useful for brainstorming, feedback, accessibility support, efficiency, and instructional 

scaffolding, while also expressing concerns related to over-reliance, reduced critical thinking, academic 

integrity, and the need to redesign assessment practices. Participants also consistently emphasized the 

importance of process-oriented learning, critical evaluation of AI outputs, and explicit guidance regarding 

appropriate AI use. These recurring themes suggest that many of the core pedagogical and institutional 

tensions associated with generative AI are not isolated to specific disciplines, but instead reflect broader 

challenges facing higher education. 

However, findings related to R2 indicate less discipline-related variation than we initially anticipated. The 

most significant divergence was in the contexts of nursing and psychology, specifically around ethical 

limitations surrounding sensitive human data, such as entering patient or clinical information into AI 

systems. Outside of these areas, however, faculty across disciplines expressed surprisingly similar views 

regarding AI use, student behavior, and instructional adaptation. One possible explanation for this 

convergence is that higher education remains in the relatively early stages of generative AI adoption. As 

AI tools continue to develop and become more embedded in higher education, greater divergence in practice 

may occur.  

Bahreini et al. (2023) proposed a four-stage adoption model for AI in higher education that may provide a 

useful lens for examining how faculty adoption evolves over time. While the present exploratory study was 

not designed to formally evaluate faculty against this framework, the interview findings suggest that many 

participants may be transitioning from the Availability stage toward Acceptability, recognizing AI's 

usefulness while continuing to grapple with its pedagogical and ethical implications. Future longitudinal 
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work could explicitly apply and validate this framework to examine how faculty progress through the 

proposed stages, including the transition to Stage 4 Adaptability. 

Another avenue for future work would be applying the lens of Unified Theory of Acceptance and Use of 

Technology (UTAUT) (Venkatesh et al. 2003) to interpret faculty perceptions of generative AI in 

educational contexts.  Faculty frequently described AI as highly useful for improving efficiency, supporting 

learning, and enhancing instructional capacity, aligning with the concept of performance expectancy. 

Similarly, many faculty noted the ease and accessibility of current AI tools, particularly in relation to rapid 

student adoption, reflecting effort expectancy. The interviews also highlighted the importance of facilitating 

conditions, including institutional policies, faculty development opportunities, technological infrastructure, 

and access to appropriate AI tools. There are also interesting questions on the impact that social influence 

may play in AI adoption within higher education. Several faculty described a sense of pressure to keep pace 

with rapidly evolving technologies, shifting student expectations, and broader institutional conversations 

surrounding AI. In some cases, faculty expressed concern that avoiding AI entirely could leave students 

underprepared for emerging workplace expectations. This social and professional pressure may contribute 

to AI adoption even in situations where pedagogical and ethical concerns remain unresolved. Future 

research could further explore how institutional culture, disciplinary norms, peer expectations, and 

perceived professional relevance shape faculty willingness to adopt or resist generative AI technologies. 
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